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Purpose: This study utilized text mining to analyze research trends around community care, which focuses on improving patients’ 
quality of life by lessening the financial burden on caregivers and relieving patient discomfort.
Methods: To examine research trends by community care stage, Section 1 is set from 2017 to 2019, when the community care was 
implemented, and Section 2 from 2020 to 2021, after the end of the community care. Papers used for the analysis were extracted using 
the Korea Citation Index (KCI); a total of 132 articles were selected and subjected to text mining analysis.
Results: First, the main community care research areas included work, housing, economy, disability, and mind. Second, from 2017 to 
2019, there was considerable interest in community care centered on households, and main keywords, such as nursing, family, and 
experience, appeared. Third, from 2020 to the present, there was high interest in community care centered on disabilities, and 
keywords, such as space, business, and Seoul City, appeared.
Conclusion: The results reveal the changing issues, with the implementation of community care. Overall, research has tended to 
focus on social and welfare systems, rather than health and medical systems. In the future, local, community-integrated health and 
medical care systems should be restructured and regional delivery systems established to make them more accessible.
Keywords: community care, integrated care, local community, elderly care, text mining, network analysis

Introduction
In modern society, various factors, such as the development of science and the diversification of welfare systems, have 
increased the life-expectancy of human beings.1 Consequently, the number of older people aged 75 and above, who are 
the recipients of care, is rising globally, especially in developed countries; this rapid aging of the population is also 
increasing the social and economic burden.2 Accordingly, the trend in long-term care provision for older adults has also 
changed. Modernization theory predicts that “the private or public sector will take charge of child rearing, child care, 
parent care, and so on, which were traditionally provided at home.”3 Indeed, with the progress of modernization, the role 
of providing care for the elderly has shifted away from the family—such as from their children who mostly cared for 
them at home—to the private sector or to society, such as in publicly funded nursing homes and hospitals. However, most 
older people prefer living in their own homes for the rest of their lives, even if they face functional limitations, such as 
physical, cognitive, and social.4

Accordingly, in November 2018, the government of South Korea announced the “Master Plan for the Integrated Local 
Community Care”, making efforts to universally introduce “Community Care” by 2026 under the “Integrated Local 
Community Care” banner.5 Community care is an important component of the comprehensive primary medical care 
system based in a local area. The establishment of care service provision at a local scale should enable medical staff to 
diagnose health needs and adjust their own proposals to the collective needs of the local population.6 However, in 
contrast to, for example, the UK, the first country to introduce community care and enact the Community Care Act, South 
Korea’s participation rate for welfare and care projects, especially in-home care services, is lower than that for nursing 
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facilities.7 This could be because the systems for providing customized treatment services/care and rehabilitation for 
discharge from nursing facilities or treatment at home are insufficient.

Meanwhile, the importance of community care has increased due to problems such as new diseases, changes in social 
and demographic structure, increased national medical expenditure, university-hospital-centered medical systems, and 
disease-centered treatments. Within this framework, public healthcare plays a crucial role in making society more 
sustainable.8 The prolonged COVID-19 crisis has resulted in a state where there is urgent need for care services for 
vulnerable groups. In January 2020, South Korea was among the first countries to record a COVID-19 case. Even before 
the WHO declared COVID-19 a global pandemic, the total confirmed cases in South Korea exceeded 7755, falling just 
behind China, Italy, and Iran.9 At the beginning of the pandemic, the number of confirmed cases increased rapidly in 
Korea. The fatality rate of those aged 80 or older was significantly higher than that of other age groups, at 20.66%; it was 
2066 times (0.01%) higher than the fatality rate of those aged 20–29 and 413 times (0.05%) higher than that of those 
aged 30–39.10 As the pandemic persists, interest in public healthcare continues to grow. Since another pandemic is likely 
to occur, the necessity for community care and public healthcare is becoming more urgent.11

Existing studies on community care primarily focus on the current status of community care, building operational 
plans, and comparative analysis of care types.12–14 To expand community care, which has not yet established a specific 
operational direction, it is necessary to analyze community care-related research in an integrated manner. By analyzing 
both unstructured data and community care-related papers, we intend to provide suggestions for the improvement of both 
current community care and future community care-related policies.15,16

Based on the analysis, this study aims to suggest a developmental direction for community care that reduces the 
financial burden of caregivers and improves their quality of life, as well as that of patients by relieving their discomfort. 
For an integrated analysis of community care, quantitative analysis will be implemented through text mining, which is 
used for big data analysis, alongside current approaches, such as current status analysis, case analysis, and comparisons 
of the perceptions of providers and beneficiaries. In text mining, various unstructured data, including quantified 
structured data, are accumulated, among which text data can be considered the most representative.17 It shows the 
overall knowledge structure of the research field, through which research trends, the relational structure between topics 
and keywords, and research directions can be identified. This study can, thus, contribute to an understanding of the 
structure of community care-related research and the relationships among the main keywords. It is possible to predict 
future policy shifts by analyzing changes and relationships in community care-related research topics. Through this study, 
we intend to identify aspects of community care research that should be most urgently advanced to solve healthcare and 
social welfare problems through the successful implementation and development of community care.

Theoretical Background
The proliferation of care issues has increased healthcare-related anxiety in South Korea, prompting the Ministry of 
Health and Welfare to promote community care. Also known as “community protection”, community care commonly 
refers to domiciliary care. In eldercare, it is also used to refer to aging in place (AIP); that is, when a client spends the rest 
of their life in the place they lived.18 With rapidly increasing demand for care due to aging, society is confronted with the 
problems of who should, where and how to, implement it (Figure 1).19

The 2018 elderly situation survey conducted by the Ministry of Health and Welfare on older adults in Seoul suggested 
that they prefer to remain in their own residence, even if it is uncomfortable.20 However, despite the advent of the aging 
society and the diversification of needs, society has limitations in fulfilling universal care needs, with in-home care 
services only accessible to vulnerable social groups.21 The eldercare services currently provided are limited to simple 
housekeeping, and since the supplier is dependent on the private sector, care services are centered on facility care. In 
addition, they are clever and have a segmented delivery system.22 As such, there is limited opportunity to receive care in 
daily life or at home, so most older adults choose to be admitted to a nursing hospital to reduce difficulties in life, which 
increases medical expenses and is an obstacle to meeting their various needs.

In this context, the government identified four key tasks to promote Korean-style community care: housing, health/ 
medical care, nursing care, and public/private services. The Ministry for Health and Welfare unveiled the “Master Plan 
for Integrated Local Community Care and Promotion Plan for Leading Projects” to improve medical, housing, and care 
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services such that older adults can receive welfare and service benefits tailored to their individual needs and live 
comfortably in their residence.23 After a leading project in eight local government districts in June 2019, a pilot project 
was implemented in 16 districts by 2020. The project aims to build a foundation for community care before Korea 
becomes a super-aged society in 2025,24 to help improve people’s quality of life in old age and to enable their families to 
focus on their own economic and social activities, free from the mental, physical, and economic burden of eldercare.

Research on community care has been actively conducted only since 2018, when the Ministry of Health and Welfare 
began to promote community care in order to provide in-home care services. Korean literature and discourse have, thus 
far, focused on case analysis, community care provision measures, analyses of factors affecting the selection of nursing 
facilities, and models used elsewhere. Kim Yong-deuk introduced the British community care model before community 
care was discussed in earnest in Korea, and suggested measures to promote user participation in welfare services for the 
disabled.25 Kim and Yun analyzed overseas community care cases in Japan and the UK to present a model for the 
sustainability of Korean-style community care.26 In addition, Hwang analyzed measures to link community care with 
integrated case management. These studies focus on the methods of providing community care and the intention to avail 
of it.27 Seo and Kim presented a community health welfare care model as an effective way to expand the participation of 
older adults, the main target of community care. By examining the role of the care manager and how the public–private 
partnership system in the relevant community functions and is linked, a plan to activate community care was sought.28 In 
view of this, it is necessary to prepare evidence justifying future policy directions in community care through an 
integrated analysis of future community care research trends.

This study intends to apply network analysis, a text mining method, and topic modeling to the keywords of research 
papers.29 Text mining is widely used for big data analysis as it can arrange synonyms and polysemies in research trends and 
identify hidden topics in the literature. It is an algorithm that supports the discovery of new knowledge.30 Text mining 
comprises data processing and data analysis phases. The former involves tasks such as information retrieval, information 
extraction, and natural language processing; the latter extracts meaningful information from the text by utilizing data 
mining, machine learning, and statistics, among other tools.31 Text mining analysis techniques include morphological 
analysis, opinion mining (emotional analysis), and topic modeling.32 Topic modeling analyzes the main topic in a specific 
document by applying probabilistic statistical analysis, which is used to analyze vast amounts of unstructured text.33

The most commonly used topic modeling method is Latent Dirichlet Allocation (LDA), wherein each document is 
expressed as a mixture of topics and each topic as a mixture of words.34

Figure 1 Conceptual chart of community care promotion.
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Machine learning–based research methodologies, such as text mining, can identify new perspectives on accumulated 
data and make the predictive analysis of the future possible. This study uses text mining to anticipate the future direction 
of community care, deriving topical keywords from each paper. This will enable us to objectively examine research 
trends by topic and period, understand the results in an integrated way, and derive new meanings by visually expressing 
the results.

Materials and Methods
Research Model
The research model is Figure 2. First, the papers registered in the KCI journal were collected, with “community care” as 
a keyword, and then preprocessed with a morpheme analyzer to extract nouns to be used in the analysis. Second, the core 
keywords were extracted by dividing them into “2017–2019” and “2020–2021”, to investigate the change in research 
trends. Third, for the refined keywords, the influence of specific keywords was identified by conducting degree centrality 
and betweenness centrality analyses. Finally, using topic modeling, trends in research topics related to community care 
policy implementation were identified before topic analysis was performed. Using the NetMiner 4.4 program, network 
analysis, frequency analysis, keyword network analysis, and topic modeling were conducted, with simultaneous 
visualization (Figure 2).

Analysis Target
Since the research field of community care is multidisciplinary, including medical science, health science, and policy 
studies, papers on community care published in domestic Korean journals in any field were set as the analysis target. 
Currently, Korean academic search engine sites include RISS, DBpia, and KISS; however, for this study, the KCI was 
selected, and research papers with community care as a keyword and published in academic journals registered in the 
KCI were utilized. The KCI calculates the influence of academic journals and the citation frequency required for 
managing research resources; thus, it is used as a tool to evaluate the quality of research papers. The document type 
was “article”, the language was English, and the search scope was set to abstract.

The collection period was from 2017, when the eldercare services began in earnest, to June 2021. As a result of the 
search, 24 duplicate articles were removed, leaving a total of 132 articles. These were divided into two sections 
chronologically to examine research trends according to changes in community care over time. Section 1 was set from 
2017–2019, the year when the community care leading project was implemented. Section 2 was set from 2020 to 
June 2021, the period after the main community care project was implemented. In all, 58 papers were published from 

Figure 2 Research model.
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2017–2019 and 74 from 2020 to 2021, revealing an increasing trend. The results of the search for papers using 
community care as a keyword on the KCI are Figure 3.

Results
Keyword Frequency Analysis
Keyword frequency analysis is a method of extracting frequently used words from specific documents and analyzing 
their importance according to the frequency of mention. In this study, keyword frequency analysis was performed by 
refining the abstracts of the collected research papers into noun-type words, and changes in keyword distribution and 
research trends were examined by section, Insert Table 1. A total of 25 keywords were extracted in Section 1 (2017– 
2019); the keyword that appeared the most was work (29 times), followed by residence (27 times), economy (23 times), 
space (22 times), experience (20 times), and others. In other words, keywords such as work, residence, and economy 
appeared before the community care project was enforced, suggesting that research during this period had primarily been 
conducted on the provision of residential space and economic support. Furthermore, considering that keywords such as 
in-home care, mind, dementia, home, and nursing were extracted, we can identify that the need for research on in-home 
care services in eldercare, home and nursing services for dementia, and so on is being raised.

A total of 21 keywords were extracted in Section 2 (from 2020 to June 2021); the keyword that appeared the most 
was disability (63 times), followed by residence (46 times), mind (41 times), business (37 times), and center (37 times), 
among others. Studies on residential spaces that could provide community care for the disabled and physically and 
mentally ill patients has been actively conducted since the enforcement of the community care project. Additionally, as 
compared to Section 1, visit, smart, Seoul City, and others were extracted as new keywords, revealing that research might 
have been conducted on visitation and remote treatments using smart healthcare since the implementation of the 
community care project. Meanwhile, Seoul city government is promoting “Seoul Care”, or Seoul-style community 

Figure 3 Papers by year.

Journal of Multidisciplinary Healthcare 2022:15                                                                                 https://doi.org/10.2147/JMDH.S366726                                                                                                                                                                                                                       

DovePress                                                                                                                       
1497

Dovepress                                                                                                                                                             Park et al

Powered by TCPDF (www.tcpdf.org)Powered by TCPDF (www.tcpdf.org)

https://www.dovepress.com
https://www.dovepress.com


care. Since related research is being actively conducted for the development of a community care model, Seoul was 
extracted as a main keyword (Table 1).

Keyword Network Analysis
Degree Centrality Analysis
To comprehend research trends in community care, keyword network analysis was applied to the extracted keywords. 
Degree, betweenness, and closeness centralities are mainly used as measurement indicators to understand the properties 
of the connection structure between keywords in a network analysis. In this study, we intended to measure the centrality 
of one node and then calculate the degree centrality, which measures the magnitude of influence as the number of 

Table 1 Keyword Frequency

Rank Section 1 (2017–2019) Section 2 (2020–2021)

Keywords Frequency Keywords Frequency

1 Work 29 Disability 63

2 Residence 27 Residence 46

3 Economy 23 Mind 41

4 Space 22 Business 37

5 Experience 20 Center 37

6 Development 20 Visit 33

7 Family 18 Use 31

8 Cure 17 Nurse 30

9 In-Home care 16 Space 30

10 Mind 16 Disabled 28

11 Dementia 16 Task 25

12 Home 14 Work 24

13 Nursing 13 Development 23

14 Process 13 Meaning 23

15 Insurance 13 Smart 22

16 Generation 13 City 20

17 Therapist 13 Seoul 18

18 Patient 13 Efficiency 16

19 Emotion 12 Disease 15

20 Factor 11 Introduction 14

21 Silver 10 Chronic 14

22 Apartment 10 - -

23 Organization 10 - -

24 Solution 10 - -

25 Network 9 - -
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connected links increases, and the betweenness centrality, which confirms that centrality plays a mediating role between 
different nodes.

The results of degree centrality measurement of keywords from 2017 to 2019 are Figure 4. The closer the keyword to 
the center of the circle, the higher its degree centrality. Home, nursing, family, experience, space, in-home care, emotion, 
organization, residence, and environment are keywords with the same degree centrality. This can be interpreted as 
representing studies conducted on the provision of measures and sustainability of social security systems (eg, in-home 
care services) in preparation for the upsurge of care expenditures caused by rapid population aging. In addition, keywords 
such as economy, dementia, mind, and insurance were found to have very little degree centrality. Indeed, it is judged that 
research on eldercare services, including studies about dementia, a typical disease of older people, has been insufficient 
(Figure 4).

Figure 4 Degree centrality visualization 2017–2019.
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Next, the results for keyword degree centrality from 2020 to June 2021. The closer the keyword to the center of the 
circle, the higher its degree centrality. Space, mind, business, disabled, and disability were found to have high degree 
centrality; by contrast, nursing, work, city, use, smart, center, and chronic are farther from the center, suggesting a low 
degree centrality. The currently implemented community care project utilizes artificial intelligence (AI), information and 
communications technology (ICT), and Internet of Things (IoT) for smart medical care. Specifically, smart healthcare 
products are being used to manage chronic disease patients, who require continuous care. However, research on the 
provision of visiting medical care, where treatment and nursing are done at home, and smart home medical care services 
is insufficient (Figure 5).

Finally, Table 2 shows the results of analyzing the degree centrality index of keywords derived in Section 1 (2017– 
2019) and Section 2 (2020–2021), respectively. The keywords with the highest degree centrality index in Section 1 were 
household (0.125000), nursing (0.125000), family (0.083333), experience (0.083333), and space (0.083333). Thus, since 

Figure 5 Degree centrality visualization 2020–2021.
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the implementation of eldercare service in 2017, there has been more research on the provision of home care compared to 
facility care. In Section 2, the keywords with the highest degree centrality index were space, business, disability, and 
disabled, all of which have the same index of 0.150000, indicating that more studies were found on the provision of 
community care for the developmentally disabled and older adults with disabilities after the promotion of community 
care. In addition, keywords such as task, introduction, and Seoul, which did not appear in Section 1, showed a high 
degree centrality index in Section 2. By contrast, the degree centrality index of keywords such as nurse, city, chronic, and 
smart was lower. This means that community care is being implemented by region, centered on the city to provide care 

Table 2 Keyword Degree Centrality

Rank Section 1 (2017–2019) Section 2 (2020–2021)

Keywords Degree Centrality Index Keywords Degree Centrality Index

1 Home 0.125000 Space 0.150000

2 Nursing 0.125000 Business 0.150000

3 Family 0.083333 Disability 0.150000

4 Experience 0.083333 Disabled 0.150000

5 Space 0.083333 Task 0.100000

6 Work 0.083333 Introduction 0.100000

7 In-home care 0.083333 Development 0.100000

8 Emotion 0.083333 Visit 0.100000

9 Organization 0.083333 Seoul 0.100000

10 Residence 0.083333 Meaning 0.100000

11 Patient 0.083333 Mind 0.100000

12 Economy 0.041667 Disease 0.100000

13 Process 0.041667 Efficiency 0.100000

14 Network 0.041667 Nurse 0.050000

15 Development 0.041667 City 0.050000

16 Insurance 0.041667 Chronic 0.050000

17 Generation 0.041667 Center 0.050000

18 Silver 0.041667 Smart 0.050000

19 Apartment 0.041667 Use 0.050000

20 Factor 0.041667 Work 0.050000

21 Mind 0.041667 - -

22 Cure 0.041667 - -

23 Therapist 0.041667 - -

24 Dementia 0.041667 - -

25 Solution 0.041667 - -
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services, whereas active promotion seems necessary for smart home service projects that use visiting medical care, AI, 
and IoT technologies (Table 2).

Betweenness Centrality Analysis
Betweenness centrality is used to find a mediator that acts as a bridge between nodes. As a certain node is more closely 
found on the most-frequent course between other nodes in the network, the betweenness centrality of the node becomes 
higher. The results of measuring the betweenness centrality of keywords from 2017–2019 are Figure 6. The keywords 
with high betweenness centrality were nursing, followed by family, home, experience, emotion, space, and in-home care. 
Some of the keywords with a long distance between nodes are economy, solution, dementia, therapist, cure, organization, 
and mind. This suggests that there is still insufficient research on reducing the economic burden of patients and caregivers 

Figure 6 Betweenness centrality visualization 2017–2019.
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through community care and establishing a community care model, including treatments for common diseases in the 
older population (Figure 6).

Next, the results of measuring the betweenness centrality of keywords from 2020 to 2021 are Figure 7. The keywords 
with high betweenness centrality for community care from 2020 to 2021 were Seoul, mind, residence, space, and 
business, with disability at the center. Keywords such as nurse, chronic, city, visit, center, smart, use, and work had lower 
betweenness centrality. This could indicate that comprehensive in-home care services for older adults, including those 
with chronic diseases, and treatment by visiting medical staff and care services, are insufficient; this will have to be 
addressed to promote community care projects in the future (Figure 7).

Finally, the results of analyzing the betweenness centrality index of keywords derived in Section 1 (2017–2019) and 
Section 2 (2020–2021) are Table 3. In Section 1, nursing (0.148551), home (0.130435), family (0.126812), and 

Figure 7 Betweenness centrality visualization 2020–2021.
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experience (0.115942) had the highest ranking, followed by emotion (0.097826), space (0.0724664), in-home care 
(0.039855), and residence (0.039855). The keywords with the lowest betweenness centrality included economy, network, 
generation, silver, dementia, and mind, at 0.000000. This suggests the need for more research on the provision of 
community care for dementia treatment.

In Section 2, the keywords with the highest betweenness centrality were disability (0.271053), disabled (0.271053), 
Seoul (0.231579), and mind (0.231579). If there were more research on the development of the “Seoul-Type Community 
Care” model currently being implemented in Seoul for the disabled, elderly, and chronically ill, then it would be possible 
to utilize the measures based on this model to complement the current community care project. By contrast, keywords 
with lower betweenness centrality index included nurse, city, chronic, center, and smart, all at 0.000000. This result 

Table 3 Keyword Betweenness Centrality

Rank Section 1 (2017–2019) Section 2 (2020–2021)

Keywords Betweenness Centrality 
Index

Keywords Betweenness Centrality 
Index

1 Nursing 0.148551 Disability 0.271053

2 Home 0.130435 Disabled 0.271053

3 Family 0.126812 Seoul 0.231579

4 Experience 0.115942 Mind 0.231579

5 Emotion 0.097826 Residence 0.231579

6 Space 0.072464 Space 0.200000

7 In-home care 0.039855 Business 0.192105

8 Residence 0.039855 Development 0.094737

9 Patient 0.039855 Disease 0.073684

10 Work 0.003623 Efficiency 0.073684

11 Organization 0.003623 Task 0.034211

12 Economy 0.000000 Introduction 0.034211

13 Process 0.000000 Visit 0.005263

14 Network 0.000000 Meaning 0.002632

15 Development 0.000000 Nurse 0.000000

16 Insurance 0.000000 City 0.000000

17 Generation 0.000000 Chronic 0.000000

18 Silver 0.000000 Center 0.000000

19 Apartment 0.000000 Smart 0.000000

20 Factor 0.000000 Use 0.000000

21 Mind 0.000000 Work 0.000000

22 Cure 0.000000 - -

23 Therapist 0.000000 - -

24 Dementia 0.000000 - -

25 Solution 0.000000 - -
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suggests that it will be necessary to provide consumer-oriented community care, including visitation treatment and 
nursing provision (Table 3).

Topic Modeling Analysis
Topic Analysis
After text preprocessing, topics were extracted using the LDA topic modeling method. For 2017–2019, four topics were 
extracted. Of these, the biggest topics were work, cure, home, patients, and nursing. This suggests that more emphasis 
was placed on patients receiving treatment and nursing care at home through occupational therapy services, which are 
focused on improving the vital function of the community care system. This finding shows that there is research activity 
surrounding the topic of work as an activity one engages in, just like sleep and rest, self-help activities, house-making, 
play, education, production activities, leisure activities, and social participation.

After analyzing the topics for 2020–2021, four topics were extracted. The biggest topics were disability, development, 
mind, and center. This result suggests a high level of interest in community centers for the developmentally disabled and 
older adults with disabilities who are severely restricted in their daily or social life (Table 4).

Topic–Word Network Analysis
The TON is a two-mode network between all topics and words, where the topic-associated probability of all words has 
a value of at least 0. This means that all word–topic links exist. Therefore, it consists of words that are in the top 30. First, 
as a result of analyzing Section 1 (2017–2019), Topic-1 was found to use work as the big keyword, followed by 
development, cure, home, therapist, nursing, and patient. Topic-2 had residence as the big keyword, followed by space, 
in-home care, mind, generation, silver, and customization. Topic-3 had economy appear as the big keyword, followed by 
experience, insurance, process, emotion, organization, and apartment. Finally, Topic-4 produced family as the big 
keyword, followed by dementia, data, trauma, solution, factors, and network (Figure 8).

Next, the topic–-word network in Section 2 (2020–2021) shows that guarantee was the big keyword in Topic-1, 
followed by business, task, meaning, smart, dementia, and city. In Topic-2, center was the biggest keyword, followed 
by suicide, efficiency, long-term, small-scale, and introduction. In Topic-3, disability was the biggest keyword, 
followed by residence, mind, disabled, space, development, and rural district. Lastly, in Topic 4, nurse appeared as 
the biggest keyword, followed by work, visit, use, Seoul, chronic, and disease. Among the degree centrality 
visualizations, the word connected to Topic-2 and Topic-4 is use, which was extracted as the main word with 
a high weight. Use can thus be viewed as a mediating word connecting Topic-2 and Topic-4, closely related to 
both topics (Figure 9).

Table 4 Topic Analysis 2017–2021

Section 1st Keyword 2nd Keyword 3rd Keyword 4th Keyword 5th Keyword

Section 1 (2017–2019) Topic-1 Work Cure Home Patient Nursing

Topic-2 Development Family Dementia Factor Process

Topic-3 Residence Space Experience Generation Emotion

Topic-4 Economy In-home care Mind Organization Network

Section 2 (2020–2021) Topic-1 Disability Disabled Development Mind Center

Topic-2 Residence Business Task Meaning Introduction

Topic-3 Space Center Mind Use Efficiency

Topic-4 Visit Nurse Work Smart City
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Discussion
This study used text mining to analyze research trends in 132 research papers on community care from 2017 to 2021. To 
this end, a keyword network analysis and an LDA-based topic modeling were performed, producing the following 
results.

First, among the extracted keywords, appearance frequency was high for work, residence, economy, space, experi-
ence, and development from 2017–2019; keywords such as disability, residence, mind, business, center, and visit 
appeared frequently from 2020–2021. For those in need of care, such as the elderly, chronically ill, and disabled, who 
wish to live in their own place of residence and are eligible for the community care project, issues such as the 
construction of residential spaces and promotion of support policies have also been reflected in studies. In the future, 
it will be necessary to pay attention to discussions on these keywords and draw solution tasks.

Second, as a result of keyword connection centrality analysis, from 2017 to 2019, top keywords came out in the order 
home, nursing, family, experience, space, and work, and from 2020 to 2021, space, business, disability, disabled, and task 
introduction. These keywords contain the core meaning of community care research, because they appear frequently with 

Figure 8 Topic–word network analysis for 2017–2019.
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other keywords. This shows that as community care is centering on nursing, health, and medical services, visiting 
medical services are expanding and discussions are underway on the future roles of medical personnel such as doctors 
and nurses. However, as a result of the mediation center, keywords appeared in the order nursing, home, family, 
experience, emotion, and space from 2017 to 2019, and from 2020 to 2021, disability, disabled, Seoul, mental, 

Figure 9 Topic–word network analysis for 2020–2021.
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residential, and space. The centrality of mediation refers to a concept that gradually expands to other concepts by acting 
as a mediator connecting concepts and concepts of high keywords. From this, it can be observed that recognition of the 
necessity of community care is growing due to the increasing demands of local communities to address physical, mental, 
and social problems, such as the needs of the disabled.

Third, four topics were extracted from the topic analysis. The biggest topic from 2017–2019 was work, followed by 
cure, home, patient, and nursing. Disability, development, mind, and then center showed the highest proportion from 
2020–2021. To date, community care research on seeking improvement-oriented occupational therapy services that play 
a vital function within the community care system has been conducted. This research focuses on the treatment and 
provision of nursing care for patients staying at home. Moreover, it examines the interest rate in community centers for 
people with developmental disabilities and disabled seniors.

Fourth, the topic–word network appeared relatively even. The keyword with the highest appearance frequency was 
work, and the keyword with a relatively low appearance frequency was home. While early community care studies tended 
to focus on government policies and promotion projects, the role of visiting medical services, such as occupational 
therapy and nursing, has expanded within the community care system since the promotion of the community care project. 
Therefore, it is necessary to create a community care policy system in which the establishment of the public healthcare 
system and the management of health-vulnerable people are carried out simultaneously. In addition, government financial 
support should be expanded to play a leading role in this regard. Research on various topics, including in-home care—a 
social security system that could prepare the community for a surge in care expenditures due to rapid aging, among other 
reasons—has also been carried out.

The limitations and research directions of this study are as follows. First, although the community care research 
literature has expanded markedly since 2017, it is still lacking in terms of the number of studies and diversity of 
coverage. If additional research is conducted and the studies are more heterogenous, an in-depth analysis would be 
possible beyond the limitations of basic research. By subdividing the analysis target, research trends can be analyzed 
from various fields and perspectives, including government policies, social enterprises, and local government projects. 
Second, the analysis target in this study was limited to the keywords and abstracts of the Korean community care 
research literature. If a parallel comparison between analyses of international community care studies and those of the 
researcher’s network are done in the future, the discussion could be enriched; advanced research results could be obtained 
using various text mining methods and quantitative analysis and by adding qualitative interpretations. Third, follow-up 
studies on promoting community care based on each extracted keyword and topic, government agencies’ promotion 
policies for health and medical care, social welfare, and more can be expected. Additionally, for the policy success of 
community care, above all, it is necessary to actively discuss community care needs and develop them into policy 
demands. Particularly, the demand for decentralization in the health and medical fields and the need for balanced national 
development in these fields should be considered. Nevertheless, this study is meaningful, as it comprehensively organizes 
community care–related studies. It contributes to the development of community care research by identifying research 
trends to date, suggesting the implications of the research topics, and providing future research directions.

Conclusion
In the selection of future research topics, it is necessary to comprehend the trends surrounding high central keywords, 
such as work, residence, economy, space, business, disability, and disabled. New areas of research can be created by 
combining these keywords. In addition, if keywords connecting each extracted topic are used as a medium, it will expand 
the research on community care and its applications.

This study’s findings can be used to support social welfare innovation, such as social security systems, social and 
welfare policies, and care services. Socialization of community care will strengthen health and welfare policies; protect 
the human rights of the elderly, the disabled, and women; and create related jobs. Additionally, the findings provide more 
insight into the interest level of local residents in resolving social problems. The results can also inform the development 
and promotion of policies to establish sustainable care services, such as by securing participation of local residents. 
However, the reason community care remains the leading project even after its promotion is that it is only being 
conducted within the social welfare system. There is concern that it would only remain a social and welfare service and 
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not be considered in the health and medical care system. For community care to actively operate, proactive intervention 
in the fields of health and medical care and changes in the medical system are necessary. In addition, residents also need 
to be interested in local community care policy. They must actively utilize the service for the establishment of sustainable 
systems and the implementation of policies that respond to the issue of a rapidly aging society. The local community- 
integrated health and medical care systems must be restructured, and various regional delivery systems must be 
established to make them more accessible.
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