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Background: A research gap exists in finding practical solutions to provide affordable and accessible health insurance coverage to 
improve CBHI enrollment and sustainability to people in resource-poor settings and contribute to achieving universal health coverage 
(UHC) in Ethiopia. This research was initiated to analyze the role of community trust in scheme management and health choice to 
identify significant factors based on the health belief model (HBM). This psychological framework explains and predicts health 
behavior by considering individual perceptions.
Methods: Cross-sectional information was gathered from 358 families, and original facts were utilized. Descriptive data and the 
Binary logistics in the econometric model were applied for data analysis.
Findings: The descriptive findings demonstrated that other variables were established to possess a significant consequence except for 
job and occupation variables. The results of the logistic regression model showed that the distance of the nearest health station from 
the family’s home in a minute [AOR (95% CI) =0.177 (0.015, −0.399)], being a member of the families having an official position in 
local government or cultural structure [AOR (95% CI) =0.574 (0.355, 0.793)], having an experience of visiting health facilities [AOR 
(95% CI) =0.281 (0.166, 0.396)], and perceiving the local CBHI scheme management as trustworthy [AOR (95% CI) =0.404 (0.233, 
0.575)] were positively associated with family enrollment in the CBHI scheme. On the other hand, being a member of the “rotating 
saving and credit association” (ROSCA) [AOR (95% CI) =−.299 (−.478, −0.120)] was negatively associated with the family’s 
enrollment in the CBHI scheme.
Conclusion: Trust in CBHI scheme management, family’s experience of visiting health facilities, and distance from the nearest health 
station were essential factors influencing enrollment in CBHI schemes. “Rotating saving and credit association” (ROSCA) ° negatively 
and statistically significantly impacted the family’s CBHI enrolment status. Income level was not associated with enrollment.
Keywords: health belief model, community-based health insurance, enrollment, dropout, the city of Gondar Peri-Urban community

Introduction
Background of the Study
The necessity for medical coverage emerges from the inadequate long-term healthcare provision system in numerous 
developing nations, mainly because of the low ability of these countries’ administrations to gather resources.1 A survey in 
eighty-nine countries covering 89% of the world’s population suggested that around 150 million individuals are universally 
distressed by financial catastrophes yearly.2,3 At the same time, 100 million citizens are exposed to poverty annually owing to 
devastating health spending, according to the World Health Organization (WHO).4 It is conceivable that the lion’s share of 
these people inhabits limited resources surroundings such as Africa south of the Sahara (ASS) with fragile contemporary 
healthcare structure and, in most instances, absent any occupational health insurance project.2,4
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The community-based health insurance (CBHI) project is an instrument for comprehensive health facility protection 
by supplying a monetary shield against healthcare costs.5 Emergent nations constitute 84% of the world’s people; among 
those, around 50% and more exist in Penury; furthermore, 90% of the worldwide affection load exists in such countries.5 

Even though nations had coincided in the World Health Organization (WHO) Legislative meeting of 2005 to attain 
universal health coverage (UHC) through evolving risk-sharing operations (medical expense insurance programs) by 
depleting wasteful compensation (DWC), the practice of spending extravagantly for healthcare utilization motionlessly 
prevail undignified, less than 12%3,5,6

As 6,7 mentioned, healthiness and invulnerability are progressively identified as essential to alleviate poverty. Several 
below-average, low-middle-income countries are yet to be allowed to satisfy the justifiable healthcare demand of their 
residents or households.8 In most emergent nations, medical expenses are principally expended during illness and disburse-
ment at the service provision place, assuredly deterring service supply.4 However, many countries need to do more to foster 
adequate resources to finance medical provision supplies. Consequently, they encourage CBHI to fund medical provisions.9 

Since CBHI brings down the price of health care, there would be better access to modern/formal health facilities and higher 
utilization of healthcare services by insured individuals. Thus, CBHI provides equitable access to health facilities, irrespective 
of income and gender, while reducing the financial burden of illness.9 Nevertheless, it does not induce an appreciable influence 
on the availability of medical provisions due to insufficient members’ enrolment rate.

The federal government of Ethiopia also baited depilation of out-of-pocket spending from 37% to below 15% and 
destructive out-of-pocket medical costs from 3 to 2.5% by scheming and executing CBHI programs in 80% of districts. 
In district insurance nowadays, the district in Ethiopia is approximately 1100, while CBHI district coverage extends 827 
(75%) in 2020.10 With the expanding district coverage, CBHI enrollment tendency from 2012 to 2020 manifests 
expanding in the long run, although it has been luxuriant from 125,142 in 2004 to 6,944,784 (1,459,123 indigents and 
5,485,661 payees) in 2020. The statistics show that around 32.2 million people, 32.2% of the population, have been 
volunteers in the CBHI scheme and can obtain medical services in 2020. Despite the presumption that 85% of the entire 
population has participated in the non-formal private sector and the country owns 100 million population, CBHI 
enrollment participation in 2020, attributed for around 37% of the people’s non-formal private sectors, correlates to 
the goal of the roadmap of 80%, the achievement not encouraging.10,11

The need for medical coverage arises due to insufficient long-term healthcare infrastructure in numerous developing 
nations, primarily due to the limited ability of these countries’ governments to gather resources. As per a report from the 
EHIA in 2016, the CBHI plan faced difficulties with low membership rates and leaving the program after joining. This 
fluctuation of members was confirmed by statistics in the country, which showed a renewal rate of 5,694,722 (82%) for 
the plan and a dropout rate of 18%.10,11

In the Amhara region, the overall amount of CBHI introducing Wordas is 184 (99.9%) of the total Woredas in the 
regional state. In 2022, almost 3,320,864 families (82%) will be involved in the program, and 13,949,875 (61%) will be 
advantaged. Enrolled beneficiaries’ renewal rates in 2022 are 2,955,760 (90%), and the remaining 11% represents 
dropouts, as reported by the EHIA regional branch in 2023.12 In 2023, regional new participants’ enrollment was 
440,198 (48.2%), Amhara region CBHI report (2023). Notably, in the urban areas, considering the six Regiopolitan cities 
of the region (Bahir Dar, Gondar, Dessie, Deber Markos, Debereberehan, and Kombolcha cities), 154,018 households 
(65% of the entire city administrations’ total) are enrolled. From 87,255 payee households (because of 37,422 direct 
beneficiaries), 59,501 households (68% of the 6 cities administrations) are renewed. This indicates that the enrollment 
rate among urban non-formal sector households is below the regional average.11,12 The performance of such schemes is 
confident in their viability, sustainability, membership proportion, and fluctuating membership, for instance, in the case of 
Ethiopia’s CBHI program.12,13

According to,12 in the City of Gondar Peri-Urban Area, there are 11 peri-urban kebeles organized within one city 
administration CBHI scheme, and the total average family income per year is 42,460 ETB (801$); membership is at the 
household level and not individuals. In 2022, Contributions vary by number of family members and range from Birr 950 
(US$17.9) to Birr 1300 (US$24.5) per year per household. The federal government provides a 25% general subsidy for 
all members. City and regions finance a solidarity fund for indigents (an estimated 10% of the population) from their 
budgets. The provider payment method is fee-for-service. `Except for some ancillary service to be purchased from private 
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facilities, public facilities are generally designated providers of services for members. The mechanism to accredit and 
engage providers is being worked out in the pilot phase. The average premium per year is 900 ETB (16.9$), which is 
9.3% of the average total income of the family; at the time of healthcare service, there is a copayment averaged per year 
of 202 ETB (44% from the original yearly premium and 2.1% of the annual income of the family). In the region in 2013 
EFY, the mean annual proportion premium per household increased from ETB 426 (~US $8) to ETB 780 (~US $14.7); in 
2020, the annual share per household increased to a maximum of ETB 521 (~US $9.8) in regions.10,13

In many emerging countries, substandard public medical service provision systems have relied on health insurance 
schemes to attain universal health insurance.14 Ethiopia still needs to execute a health insurance program; despite the 
scheme’s development to over 827 districts in the country, encompassing the study district of the peri-urban area of 
Gondar city in the Amhara region, CBHI enrollment progress could be better.12 In 2022, only 61% of eligible households 
in the City of Gondar Peri-Urban community were enrolled in the CBHI program, with a low renewal rate posing 
challenges to its sustainability.

To sum up, the achievement of CBHI depends on diverse components, for instance, society participation, low-cost 
premiums, service bundle design, and supplier payment procedures. Even though it has possible advantages, CBHI has 
encountered problems regarding sustainability, coverage, and quality of care, and enrollment still needs to be appreciated 
in some constituencies. In Amhara Region, CBHI enrollment has exceeded, but sustainability and quality of care still 
need to be questioned. Objectively, the study intends to examine the association between families, institutions, and trust 
factors and the decision of the family to join a CBHI in the City of Gondar Peri-Urban community. Specifically, the aim 
is to identify and analyze the specific determinants influencing households’ registration, explore the institutional variables 
that mediate households’ decision to participate in the CBHI program and assess the impact of households’ trust in 
scheme management and modern care on their decision to register in the CBHI program in the study area based on 
Health Belief Model approach.

Literature Review
Definition and Concept of Health Insurance
Health insurance is a way to distribute the financial risk associated with the variation of individuals’ healthcare 
expenditures by pooling costs over time through prepayment and over people by risk pooling.15 CBHI is a non-profit 
scheme organized to improve financial access to healthcare services and to protect its members against the financial risks 
associated with illness.16 It operates based on solidarity and mutual aid values with its institutional arrangements 
designed to maximize its critical functions of revenue collection, risk pooling, and purchasing of health care services. 
FMoH, (2008). In low-income countries, health insurance can be introduced for broader segments of the population 
through government subsidization of the premium to the poor and low-income informal sector workers, allowing more 
rapid coverage expansion and more direct targeting of the poor households to robust health financing system.16

One of the ways that poor communities manage health risks, in combination with publicly financed healthcare 
services, is through community-based health insurance schemes (CBHISs). They are designed to be simple and 
affordable and to draw on resources of social solidarity and cohesion to overcome problems of small risk pools, moral 
hazard, fraud, exclusion, and cost escalation.15 In theory, all CHI schemes share the following five characteristics: (1) 
Community-based social dynamics and risk pooling, where the schemes are organized by and for individuals who share 
common characteristics (geographical, occupational, ethnic, religious, gender, and so on); (2) Solidarity, where risk 
sharing is as inclusive as possible within a given community and membership premiums are independent of individual 
health risks (3) Participatory decision-making and management, (4) Non-profits character and (5) Voluntary 
affiliation,16,17 CBHI beneficiaries are associated with or involved in managing community-based schemes, at least in 
the choice of the health services they cover. It is voluntary, formed based on mutual aid, and covers a variety of benefit 
packages.1,14 As of,15 CBHIs face constraints related to their small size, limited access to management and technical 
insurance skills, and the quality and accessibility of local healthcare service providers. CBHIs often fail due to 
weaknesses in management, financing, or a combination. In addition, the poorest groups are unlikely to become members 
of CBHIs because they are generally unable to afford the premiums.17
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Theoretical Foundation Regarding Health Insurance
According to,18 studies on insurance requirements utilize anticipated utility theory to describe entities’ determination 
regardless of whether to insure. This Hypothesis declares that health insurance is necessary for risk avoidance and the 
wish to avoid the financial result of ill Health. This hypothesis suggests that the greater an individual’s aversion to risk, 
the greater the insurance they will purchase.

According to,19 State-dependent admittance reasons that insurance absorption relies on an individual or family’s 
contemporary Health and socioeconomic condition and the anticipated discharge or satisfaction from insurance, succes-
sively perhaps regarded as the execution of insurance coverage and the accessibility quality of health care. Prospect 
theory addresses the insurance circumstance and discusses that individual decision-making is according to exacting 
premium costs versus health risks and the related gain or loss expectation.20,21

This proposition proposes that the higher an individual’s reluctance to take risks, the more insurance they will 
procure. As suggested by the endowment effect and status quo bias,21 the determination to insure individuals can be 
intricate for people, especially in regions where insurance is a strange notion and the illiteracy rate is maximum. People 
will exclusively access insurance if they trust that the advantages of insurance are equivalent to or exceed the cost of not 
being insured. Social capital is pivotal in the CBHI context. The non-formal climate of confidence factors equivalently or 
exceeds significantly in describing the desire for insurance. The trust in the insurer or the particular insurance yield can 
be inclined to an insurance confidence. Harmony in the community or faith in the administration will positively impact 
individuals’ determination to register in CBHI. Institutional factors such as the technical positioning developed by the 
scheme management also affect an individual’s appreciation of the program’s advantages.22

“The Impact of OPP Expenses on Low-Income Households’ Decision to Join CBHI in Ethiopia”?
Admissions to medical provision and achieving Universal Health Coverage (UHC) are among the principal universal 
SDG programs and an essential issue for emerging countries, including Ethiopia.23,24 Country’s Gross medical spending 
in 2017/18, USD in billions 3.1, out of this government portion or allotment, % 32.0, from OOP % 30.6 from extraneous 
funding, % 35.2 some other private funding % 2.0, Government medical spending, the portion of GDP 1.2%, and 
Government medical spending as a portion of total government expenditure, is 8.1%. The odds of total public sector 
health expenditure against the country’s government expenditure remain low.24

In Ethiopia, to prevail over the vast number of households’ excessive dependence on direct out-of-pocket (OOP) 
spending for health care and insufficient medical service provision utilization, OOP spending comprised 35% of the 
contemporary medical expenditure by 2018, which decreased from 47% in 2011. The initiation of CBHI has earned 
a crucial financial shield from ruinous health spending in Ethiopia,24,25 where health insurance coverage was 32% in 
2020. This performance was below the investigation in Tanzania, 49%, and Rwanda, 85%, which may be accredited to 
dissimilarities in execution strategies, insurance contribution, and the package of benefits.25

When examining the influence of out-of-pocket (OPP) expenses on the decisions to join Community-Based Health 
Insurance (CBHI) at national and regional levels, comparing and contrasting the out-of-pocket expenditure patterns is 
essential. OPP expenses are crucial in shaping individuals’ and families’ decisions to enroll in CBHI programs. The 
Health Belief Model (HBM) posits that people are more likely to engage in health-related behaviors, such as enrolling in 
health insurance, if they perceive the benefits to outweigh the costs. In the context of CBHI, out-of-pocket expenses refer 
to the financial burden individuals and households bear for healthcare services not covered by the insurance scheme.

At the national level in Ethiopia, out-of-pocket healthcare expenditures, at 33% in 2020, have been a significant 
concern. The country has been working towards achieving universal health coverage and reducing the reliance on out-of- 
pocket payments. According to a study by,26 out-of-pocket payments accounted for a substantial portion of healthcare 
financing in Ethiopia, with many households facing financial hardships due to healthcare expenses. This high financial 
burden can deter individuals and families from enrolling in CBHI programs, as they may perceive the costs to outweigh 
the potential benefits.26,27

In the specific context of the City of Gondar Peri-Urban community in Northwest Ethiopia, regional variations in out- 
of-pocket expenditures may exist. For example, a study by28 examined the determinants of out-of-pocket health 
expenditures in the Amhara region, where Gondar is located. The findings indicated that households in rural areas and 
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those with lower socioeconomic status had higher out-of-pocket health expenditures. These disparities in out-of-pocket 
expenses can influence households’ decisions to enroll in CBHI, as higher expenses may make the insurance program 
more attractive to mitigate the financial burden.29

Testing the Health Belief Model (HBM) in Ethiopia
The theory most appropriate to be tested through this study is the Health Belief Model (HBM). The HBM extensively 
utilizes hypothetical configurations in health behavior investigations, which describe why individuals take particular 
measures to safeguard, shield, perceive, or investigate disease.30 It proposes that communities’ healthcare conduct is 
impacted by their assumptions regarding the following determinants: “perceived susceptibility”, “perceived severity”, 
“perceived benefits”, “perceived barriers”, “cues to action”, and “self-efficacy”.31 “Perceived susceptibility” concerns the 
ideology that one is Susceptible to progressing a health problem. In the circumstances of this investigation, it could be 
households’ discernment about their susceptibility to disease and their necessity for medical insurance. “Perceived 
benefits” refer to the belief that taking action (such as enrolling in CBHI) will lead to positive outcomes, such as better 
healthcare provision and financial shield availability.30,31 “Cues to action” refer to external determinants that motivate 
individuals to adopt the decision, such as media campaigns, social influence, or personal experiences with illness. “Self- 
efficacy” concerns the assumption in one’s capability to enact a particular behavior successfully.31,32

Based on the HBM, the Research Has Tested the Following Hypotheses

H1: Households’ enrollment in CBHI is positively associated with their “perceived susceptibility” to disease and their 
“perceived severity” of health problems.

H2: Households’ enrollment in CBHI is positively correlated with their “perceived benefits” of enrolling in the scheme 
(such as better availability to healthcare provisions and financial safeguards) and negatively associated with perceived 
barriers (such as lack of information or affordability) and

H3: According to the Health Belief Model,32 households’ enrollment in CBHI is positively associated with cues to 
action, such as media campaigns or personal experiences with illness, and their self-efficacy in making informed 
decisions about enrolling in the scheme. Additionally, the analysis has included institutional variables to explore potential 
impacts on households’ enrollment in CBHI.

Conceptual Framework
Figure 1 of the conceptual framework illustrates that the dependent variable of this study is “Households’ CBHI enrollment 
status” In contrast, the independent variables are categorized into four groups: demographic variables, socioeconomic variables, 
institutional variables, and CBHI-related variables. Demographic variables encompass factors such as sex, family size, age 
category, educational level, and religion, which may influence households’ decision to enroll in CBHI based on cultural beliefs 
and values. Socioeconomic variables include annual income, landholding size, livestock ownership, and out-of-pocket (OOP) 
payments, which may impact households’ decision to enroll in CBHI based on their financial situation and resource access.

Institutional variables include the official position, attendance of local meetings, membership access to networks like 
saving and credit associations, and distance to health facilities. These variables may influence households’ decision to enroll in 
CBHI based on their trust in the scheme management and community participation. CBHI-related variables include aware-
ness, knowledge, and perception of CBHI, adequate and quality health service, and trust in modern healthcare services.

The relationship between the HBM factors and the independent variables is examined in this study. Each independent 
variable, including demographic variables, socioeconomic variables, institutional variables, and CBHI-related variables, can be 
associated with the factors of the HBM. For instance, demographic variables such as age, gender, and education level may 
influence households’ perceptions of susceptibility to illness and severity of health problems. Socioeconomic variables such as 
income and occupation may affect households’ perceived benefits and barriers to enrolling in CBHI.33,34 CBHI-related variables, 
such as the cost of premiums and the coverage of services, may also influence households’ perceived benefits and barriers to 
enrolling in CBHI.35 Institutional variables, such as the availability of health facilities and the quality of healthcare services, may 
influence households’ cues to action and self-efficacy in making informed decisions about enrolling in CBHI.33,34
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Method and Methodology
Design and Approach-
A community-based cross-sectional study was conducted among 358 peri-urban communities (143 enrolled and 215 not 
enrolled) in Gondar City, northwest Ethiopia, from January 2, 2023, to April 14, 2023. Gondar metropolitan city is 
749 km from Addis Ababa, Ethiopia’s capital. The district’s total population was estimated to be 483,224 (246,444 males 
and 236,779 females), founded in 1636. The city has 25 urban and 11 rural kebeles (the lowest administrative units in the 
country), ten health centers, 25 health posts, one general and one referral hospital, 15 private clinics, and 22 drug stores. 
The CBHI was introduced in the city as a full-scale scheme in 2019. In 2022, from 68,695 eligible households, 45,173 
(65.8%) households were members of the CBHI scheme. This investigation is focused on 11 rural kebeles insurance 
community participation is very low compared to urban kebeles. The study has used a “Health Belief Model” approach to 
examine the determinants impacting household enrollment in CBHI. It used a mixed-methods approach to collect 
household data, encompassing qualitative and quantitative data-gathering methods.

Study Population and Sampling Procedures
A multi-stage sampling method was applied to select sample respondents; the purposive selection method was used to 
choose from 11 rural Kebeles (the smallest administrative unit) in the City of Gondar Peri-Urban community. Three rural 
kebeles were chosen randomly (Lozamariam, Belajig, and Weleka) and were selected first using a simple random 
sampling technique (lottery method). Then, the households in each selected Kebele were stratified into enrolled and non- 
enrolled categories; based on this, 358 sample households were determined using the formula given by,36,37 from a total 
of 2687 population (households) found in the selected kebeles at 5% error and 95% confidence level. Yemane forwards 
the procedure as follows: n ¼ N

ð1þN e2ð ÞÞ
, Where n is the minimum sample size to be drawn, e is the desired level of 

precision, ie, 5%, and N is the population size, ie, the total population size found in the selected three (3) kebeles. 
Therefore, the proportionate sample size was taken from each Kebele. Finally, 358 valuable responses from sample 
respondents will be used for data analysis. Use a purposive selection method within each Kebele to choose the specific 
households to be included in the study; this selection ensured a representative sample of both enrolled and non-enrolled 
households, train 12 study assistants (enumerators) on administering the structured questionnaire to selected respondents 

Figure 1 Conceptual framework. 
Note: Author’s own Formulation (2023).
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visit each selected household and conduct the interview using the structured questionnaire. It is essential to ensure that 
the chosen households represent the diversity and characteristics of the City of Gondar Peri-Urban community.

Source of Data and Method of Data Collection
Study assistants who were trained implemented information gatherings by administering the structured questionnaire to 
eligible households, recruiting human participants, and distributing questionnaires to obtain valuable data from 358 
enrolled and unenrolled respondents from January 2, 2023, to April 14, 2023. Participants provided verbal informed 
consent that the ethical committee confirmed. Questionnaires gathered numerical information from answerers and 
qualitative evidence, employing thorough examination with institutional managers and healthcare providers for triangu-
lation. The questionnaire was developed based on the Health Belief Model factors, dependent household enrollment 
status variables, and independent variables.

Data Analysis
Data analysis used percentages, frequencies, mean, and standard deviation for socioeconomic and demographic variables. 
A t–test was employed to examine the distinction between household enrollment decisions with continuous independent 
variables. A chi-square test was also utilized to identify the relationship between household enrollment decisions and 
dummy independent variables. Furthermore, binary logistic regression analysis was undertaken to determine significant 
factors impacting families’ enrollment status.38,39

The econometric model specification focused on the discreet choice of joining or not joining the CBHI program. 
A logit model was employed to determine households’ enrollment assumption and the impact of socioeconomic, 
demographic, institutional, and CBHI scheme-related characteristics on this decision. The binary logistic regression 
(logit model) was used to analyze the enrollment function of the study, and the STATA 17 software package was utilized 
for estimation.

A binary logistic regression model was suitable for analyzing the factors influencing household enrollment in the 
CBHI scheme in the City of Gondar Peri-Urban community. The dependent variable was the binary response variable 
indicating household enrollment status (1 for enrolled, 0 for not enrolled). In contrast, the independent variables included 
various socioeconomic and institutional factors that may influence enrollment decisions.
The logistic regression model can be specified as follows:
Logit (Enrollment) = β0 + β1Education + β2Sex + β3Age + β4Family Size + β5Landholding Size + β6Livestock 
Ownership + β7Annual Income + β8Distance from Health Facilities + β9Service Quality + β10Access to Social 
Networks + β11Membership in Different Government Officials and Organizations + β12Distance to the Nearest 
Health Centre + β13Adequate and Quality Health Care Service + β14Trust in Modern Health Care + 
β15Trustworthiness of CBHI Scheme Management
Where:

● Enrollment is the binary response variable indicating whether the household is enrolled in the CBHI scheme (1 for 
enrolled, 0 for not enrolled)

● Education, Sex, Age, Family Size, Landholding Size, Livestock Ownership, Annual Income, Distance from Health 
Facilities, Service Quality, Access to Social Networks, Membership in Different Government Officials and 
Organizations, Distance to the Nearest Health Centre, Adequate and Quality Health Care Service, Trust in 
Modern Health Care, and Trustworthiness of CBHI Scheme Management are the independent variables that may 
influence households’ enrollment decisions.

● β0 is the intercept term, and β1 to β15 are the coefficients of the independent variables.

The logistic regression model estimates the log odds of households’ enrollment in the CBHI scheme based on the 
independent variables. The coefficients represent the change in log odds of enrollment associated with a one-unit change 
in the corresponding independent variable, holding all other variables constant.
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To test the hypotheses, the logistic regression model can estimate the association between the independent variables 
and households’ enrollment decisions. Hypothesis 1 can be tested by examining the coefficients of perceived suscept-
ibility to illness and perceived severity of health problems. Hypothesis 2 can be tested by examining the coefficients of 
perceived benefits and perceived barriers to enrolling in the scheme. Hypothesis 3 can be tested by examining the 
coefficients of cues to action and self-efficacy in making informed decisions about enrolling in the scheme. The 
significance and direction of the coefficients can indicate whether the hypotheses are supported or not.

Variables
Dependent Variable
The dependent variable measured rural households’ enrolment status in the CBHI scheme, which has a binary response: 1 
if the household is enrolled and 0 if not.

Independent Variables
The following variables are involved: demographic variables sex, age, family size of the household, proportion of family 
size between 14 to 64 years old, proportion of families above 64 years old, and household head education condition level.

The socioeconomic variables consist of the size of the cultivated land of the household, number of animals in the 
household (TLU), distance of the nearest health station from the household home (in minutes), and participation in different 
local meetings (1=yes). Additionally, the income level of households converted into natural legalism is considered.

Institutional factors include household graduation in HEP and certification (1=yes), participation in and use of 
different credit packages (1=yes), membership in the local Funeral Association (LFA) (1=yes), membership in 
ROSCA for any member of the household (1=yes), any member of the household holding an official position in local 
government or cultural structure, frequency of visiting health facilities by the household for the last year, and perception 
of trustworthiness of the local CBHI scheme management (1=yes).

CBHI-related factors include the health choice of the household head (1=Modern Healthcare), perception of the 
quality of healthcare services (HCS) from public health facilities (1=neutral), and perception of the quality of HCS from 
public health facilities (1=poor). The gender of the household leader (male or female) was expected to influence 
enrollment decisions, with female-headed households more likely to enroll. Age was also considered, with older 
household heads expected to be more likely to enroll. Family size, education level, annual income, landholding size, 
and livestock ownership were hypothesized to affect enrollment positively. Membership in different organizations and 
attendance at local meetings were expected to influence enrollment positively.

The level of awareness and knowledge about the CBHI scheme was investigated, and it was expected that higher 
awareness would lead to a higher likelihood of enrollment. Membership and access to social networks, such as savings and 
credit associations, were expected to affect enrollment positively. In contrast, distance to the nearest health center was 
expected to have a negative relationship. Perceptions of adequate and quality health care service, trust in modern health care, 
and trustworthiness of the CBHI scheme management also influenced enrollment decisions. Positive perceptions and trust 
were expected to increase the likelihood of enrollment.

Results and Discussions
Enrolment Status by Socioeconomic Factors
Job Occupation of Sample Households
From the total sample households, 271(75.75%) are farmers, 31(8.66%) are engaged in off-farm activities, 38(10.61%) 
are traders, 6(1.68%) are daily laborers, and 12(3.35%) are involved in other activities. from a member of the CBHI 
scheme 77.62% are farmers, 2.1% are in off-farm activities, 14.68% are traders, 2.1% are daily laborers, and 3.5% are 
from other activities. In comparison, 74.42%, 13.02%, 7.91%, 1.4%, and 3.25% of the not-enrolled households are 
farmers from off-farm activities, traders, and daily laborers engaged in other activities.
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The Landholding Size of Household Heads
From the survey results (Table 1), the typical extent of land ownership of enrolled and not-enrolled households is 1.311 
and 0.964 acres, accordingly, and the standard deviation of the land ownership extent of enrolled along with not-enrolled 
families is 0.8245 and 0.9688 acres consequently. The average amount indicates that registered households’ mean land 
ownership extent is greater than that of not-enrolled homes. The t-score (t=3.5193; P=0.0005) shows a statistically 
meaningful contrast between the average land ownership and enrolled and not-enrolled households. This inference 
suggests that representative families with high land ownership extent are likelier to enroll in the CBHI scheme.

Livestock Ownership
As per the study results (Table 1), the mean extent of livestock of the representative enrolled along with not-enrolled 
households was 4.463 and 3.541 TLU tropical livestock,40 accordingly, and the standard deviation of the cattle holding 
extent of enrolled along with not-enrolled households was 3.613 and 2.72 TLU accordingly. The t-score (t=2.5974; 
P=0.01) indicates a statistically meaningful contrast between the average cattle-ownership extent of enrolled and not- 
enrolled households concerning their livestock-holding time. This assumption suggested that representative families with 
higher cattle extent were likelier to enroll in the CBHI scheme, like landholding results.

Yearly Income of Sample Residences
As you see in Table 1, the yearly earnings of the sampled residences are computed by ETB and discovered by the 
investigator. Consequently, the average annual earnings of the enrolled and non-enrolled households are 42,460.23 and 
33,751.79 ETB, and the Standard Deviation (St. Dev.) of the yearly Income of enrolled and not enrolled households was 
19,963.22 and 17,977.05 ETB; therefore, the average Income indicates a difference in annual Income between enrolled 
and not enrolled households. The t-score (t=4.2044; P=0.00) also shows a statistically meaningful contrast between the 
average yearly income of enrolled and not enrolled households concerning their income amounts.

Enrolment Status by Institutional Factors and Participation in Different Social and 
Development Programs
Frequency of Visiting Health Facilities
Based on the findings of the investigation (Table 2), the mean frequentness of visiting health facilities of the sampled 
enrolled along with not enrolled households is 2.412 and 0.837, accordingly, and the Standard Deviation (St. Dev.) of 
visiting health facilities of enrolled along with not enrolled households is 1.224 and 0.994, respectively. The t-score 
(t=12.835; P=0.00) shows a statistically meaningful contrast between the average value of enrolled and unenrolled 

Table 1 Enrolled and Non-Enrolled Households by Socioeconomic Factors

Variable Households 
Enrolment status

N Average Standard 
Deviation

Average 
Difference

t -score

Landholding Size Not Enrolled 215 0.964186 0.8245481 3.5193

Enrolled 143 1.311259 0.9687947

Total 358 1.102821 0.8999148 −0.3470727

Livestock 

Holding in TLU

Not Enrolled 213 3.540563 2.720092 2.5974

Enrolled 143 4.462657 3.613225

Total 356 0.910955 3.137767 −0.922094

Household 

Annual Income

Not Enrolled 215 33,751.79 17,977.06 4.2044

Enrolled 143 42,460.23 19,963.22

Total 358 37,230.3 19,248.01 8708.434

Note: Own Survey Data (2023).
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residents concerning their experience of visiting health facilities. This conclusion suggested that sampled residents with 
a greater frequency of visiting health facilities are more likely to enroll in the CBHI scheme to meet their health problems 
with an affordable premium payment, and 35.66% of households are enrolled since the premium is below OOP payment. 
Remoteness is presumed to exist among the significant explanatory variables that residence leaders could consider if they 
decide to enroll in the CBHI program.

The remoteness between the residence house and the nearby health post on foot is asked in the minute. A categorical 
specification is adopted to see the role of space on a household’s enrolment and categorized near as a distance below 30 
minutes, not far as a distance between 30 to 60 minutes, and far as a distance above 60 minutes.

As indicated in Table 3 below, the t-score (t=8.78; p= 0.00) of the sampled residences demonstrates that there is 
a statistically meaningful contrast in the distance betwixt enrolled and not enrolled residences’ homes to the nearby 
health station, and it has a substantial effect on CBHI scheme enrolment decision of households. Table 3 shows that more 
are enrolled as households reside in the nearest and at a moderate distance to health facilities. At the same time, high not 
enrolled is experienced as the household lives distant from medical stations.

Official Positions Held
Table 4 below indicates that out of the total sample households, 47(13.13%) of the enrolled and not enrolled households 
have an official position, and 41(28.07%) and 6(2.79%) are registered and not enrolled households, respectively. The 
representative residences’ chi-square score (2=50.437; p= 0.000) indicates a statistically meaningful contrast in the 
official position of enrolled and not enrolled households.

Participation of Respondents in Different Local Meetings
This variable determines the role of household heads’ involvement in various local and CBHI scheme-related confer-
ences/gatherings.

Table 4 above indicates that out of the total sample households, 196(54.75%) of the enrolled and not enrolled families were 
participating in local meetings, and out of the 98(68.53%) and 98(45.58%) sample households were enrolled and not enrolled 
households accordingly. The chi-square score (x2=18.2581; p= 0.000) of the sampled households indicates a statistically 

Table 2 Enrolment Status by Institutional Factors (Distance and Frequency of Visit)

Variable Household 
Enrolment Status

N Average Standard 
Deviation

Average 
Difference

t-score

Distance in Minute Not-Enrolled 215 58.90698 22.14735 8.781

Enrolled 143 39.12587 19.98516

Total 358 51.00559 23.38857 19.7811

Frequency of visiting 

Healthy facility

Not-Enrolled 215 0.8372093 0.993677 12.835

Enrolled 143 2.412,587 1.223759

Total 358 1.46648 1.335885 −1.575378

Note: Own Survey Data (2023).

Table 3 Distance to the Nearest Health Station

Enrolment Status Living Near % Living Not-far % Living Far % Total %

Not Enrolled 53 48.15 50 48.08 112 77.78 215 60.06

Enrolled 57 51.85 54 51.92 32 22.22 143 39.94

Total 110 30.73 104 29.05 144 40.22 358 100

Note: Own Survey Data (2023).
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meaningful contrast in the participation of registered and not enrolled households. This belief shows that families with experience 
participating in such meetings are likelier to enroll in the CBHI program compared to those who do not participate.

Enrolment Status of CBHI Scheme Related Factors Knowledge About the Scheme
As shown in Table 5 below, 87.43% of enrolled and not enrolled residents in the survey locality have information about 
the CBHI program. For the amount and time of premium payment, 138(96.50%) and 79(36.74%) of enrolled and not- 
enrolled households, respectively, are aware of the price; this indicates an awareness difference.

From the survey results (Table 6), the average awareness level of enrolled and not enrolled households is 4.236 and 
3.215, respectively, and the standard deviation of the awareness level of enrolled and unenrolled households is 0.567 and 
0.717, respectively. Hence, the mean value indicates that the average awareness of enrolled households is more 
considerable than that of not-enrolled households. Moreover, the t-score (t= 15.348; P=0.0000) shows a statistically 

Table 4 Enrolment Status by Official Position & Participation in Local Meetings

Household Enrolment Status

Variable Not Enrolled 
(N=215)

Enrolled 
(N=143)

Total 
(N=358)

x2_value

Officially position held No N 209 102 311 50.4

% 97.21 71.33 86.87

Yes N 6 41 47

% 2.79 28.67 13.13

Participation in different 

local meetings

No N 117 45 162 18.3

% 54.42 31.47 45.25

Yes N 98 98 196

% 45.58 68.53 54.75

Note: Own Survey Data (2023).

Table 5 Enrolment and Knowledge About the Scheme

Household Enrolment Status

Variable Not Enrolled 
(N=215)

Enrolled 
(N=143)

Total 
(N=358)

Do you have information About the CBHI 

Scheme

No 45 0 45

(20.93) (0.00) (12.57)

Yes 170 143 313

(79.07) (100.00) (87.43)

Knowledge about time and amount of 
Premium payment

No 136 5 141

(63.26) (3.50) (39.39)

Yes 79 138 217

(36.74) (96.50) (60.61)

(Continued)
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meaningful contrast betwixt enrolled and not-enrolled households’ mean awareness of the CBHI scheme enrolment. 
Therefore, the level of understanding highly affects households’ enrolment decisions.

Reasons for Enrolment
Table 7 below shows why households were not enrolled in the CBHI program. As the survey results show, 54(35.12%) 
respondents did not enroll because the registration and premium fees were not affordable. For 53(34.65%) not-enrolled 
households, adequate knowledge about the CBHI scheme was needed. 51(35.66%) respondents confirm that the premium 
is low compared to OPP expenses, which is the reason for their enrollment.

Table 6 Enrolment Status by Awareness Level

Variable Household 
Enrolment Status

N Average Standard 
Deviation

Average 
Difference

t-score

Awareness Level of 

Household head

Not-Enrolled 215 3.214,884 0.7170565 15.0348

Enrolled 143 4.236364 0.564008

Total 358 3.622905 0.8280993 −1.02148

Note: Own Survey Data (2023).

Table 5 (Continued). 

Household Enrolment Status

Variable Not Enrolled 
(N=215)

Enrolled 
(N=143)

Total 
(N=358)

Knowledge of Contract renewal time No 184 17 201

(85.58) (11.89) (56.15)

Yes 31 126 157

(14.42) (88.11) (43.85)

Knowledge of Health Facility Utilization if 

Become CBHI Members

No 190 37 227

(88.37) (25.87) (63.41)

Yes 25 106 131

(11.63) (74.13) (36.59)

Note: Own Survey Data (2023).

Table 7 Motives for Enrolment Status of Sample Households

Reason for Enrolling in the 
CBHI

Frequency Percent (%) Reason for not- 
Enrolled in the CBHI 
Program

Frequency Percent (%)

Sickness and injury exist in my 

household frequently

23 16.08 Sickness and injury do 

not happen in my 
household frequently

32 14.88

Our household member 
needs health care

20 20.28 The registration and 
premium fees are not 

affordable

54 35.12

(Continued)
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In addition to this, for 32(14.88%), 17(7.91%), 16(7.44%), and 16(7.44%), the motive for not- being enrolled in the program 
was non-occurrence of sickness and injury in their household accordingly, the low quality of health care service, lack of 
confidence in program administration, and the need to get time to know and confirm the benefit of the scheme from member 
households respectively.

Health Choice of Sample Households
From the total sample households, 238(66.48%) chose modern health care service, whereas the rest 120(33.52%) chose 
either cultural treatment or did not use any health care treatments.

The percentage contrast between enrolled and not enrolled households signifies that the health choice of the sample 
household highly affects the enrolment status of the respondents (Table 8).

Synopsis of Statistical Analysis Findings for Factors That Explain
To gain a comprehensive understanding of the “demographic”, “socioeconomic”, and “institutional” participation in 
different social networks and variables related to the CBHI scheme, which differentiates the enrolled from the non- 
enrolled group, chi-square, and t-score tests have been conducted. The descriptive result in the above discussion indicates 
that except sex, other explanatory variables are established to have a significant influence on household enrolment status.

Test of the Overall Goodness of Fit is Investigated Utilizing the Hosmer-Lemeshow 
Method
The goodness of the model is mirrored in a non-significant p-score. The Hosmer-Lemeshow test p-score is 0.2193, which 
is insignificant. This conviction suggests that the overall goodness of fit of the model is good. That means the model fits 
the data well. We can use the regression result for policy recommendations based on these tests. Table 9 illustrates the 

Table 7 (Continued). 

Reason for Enrolling in the 
CBHI

Frequency Percent (%) Reason for not- 
Enrolled in the CBHI 
Program

Frequency Percent (%)

To finance health care 

expenses

19 13.29 We do not understand 

sufficiently regarding the 

CBHI program

53 24.65

The government pays the 

CBHI registration fee and 
premium

8 5.59 There is limited 

availability of health 
service

14 6.51

Premium is low compared to 
the OOP payment to obtain 

medical treatment

51 35.66 The benefits packages 
do not meet our 

household needs

4 1.86

Pressure from Kebele/Gotte 

administrators

13 9.09 The quality of health 

care service is low

17 7.91

Total 143 100 Lack of confidence in 

scheme management

16 7.44

Want to wait to confirm 

the benefit of the 

scheme from others

16 7.44

Other reasons 9 4.19

Total 215 100

Note: Own Survey Data (2023).
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outcomes of the binary logistic regression model estimation of determinants significantly determining the households’ 
enrolment condition decision. The model was mirrored to be significant at a 1% importance level. The logit model 
examination highlights allowing for the organized influence of variables between enrolled and not-enrolled households in 
the research locality. The focus is on examining the factors collectively instead of individually. Out of all the elements, 
seven were noteworthy, while the rest were inadequate in clarifying the fluctuations in the reliant part.

The study found significant associations based on the binary logistic regression model results. Regarding 
Demographic factors, the sex of the household head [AOR (95% CI) =0.186 (−.0.966, 0.468)], the odds of enrollment 
were significantly lower for households with a male head compared to female leads; Age of the household head [AOR 
(95% CI) =0.002 (−.009, 0.013)], the odds of enrollment decreased with increasing age of the household head, 
consequently was no significant association between family size and enrollment.

Concerning Socioeconomic factors, Cultivated land size of the household [AOR (95% CI) =0.088 (−.067, 0.243)], 
Larger cultivated land size was associated with higher odds of enrollment, Number of animals having the household in 
TLU [AOR (95% CI) =0.020 (−.025, 0.066)], Owning more animals was associated with higher odds of enrollment, and 
Income level of households converted into natural logarithm [AOR (95% CI) =0.070 (−.010, 0.238)], higher income 
levels were associated with higher odds of enrollment.

Institutional factors: distance of the nearest health station from household home in a minute [AOR (95% CI) =0.177 
(0.015, −0.399)], the longer the distance, the lower the odds of enrollment. Participating in different local meetings [AOR 
(95% CI) =0.177 (0.015, 0.399)] was associated with higher odds of enrollment. Members of the household who have an 
official position in local government or cultural structure [AOR (95% CI) =0.574 (0.355, 0.793)] were associated with 
higher odds of enrollment. Having your household had an experience of visiting health facilities [AOR (95% CI) =0.281 
(0.166, 0.396)] was associated with higher odds of enrollment. The local CBHI scheme management is 
trustworthy [AOR (95% CI) =0.404 (0.233, 0.575)] and was associated with higher odds of enrollment.

Regarding Health belief factors, Health choice of the household Head Modern Healthcare [AOR (95% CI) = 
−.217 (−.530, 0.096)], a preference for modern healthcare was associated with lower odds of enrollment. So, some 
variables, such as family size of the household [AOR (95% CI) =−.006 (−.064, 0.053)], income level of households 
converted into natural logarithm [AOR (95% CI) =0.070 (−.010, 0.238)], and quality of HCS from public health 
facilities as the respondents’ perception neutral, [AOR (95% CI) =−.030 (−.221, 0.160)], and quality of HCS from 
public health facilities as the respondents’ perception poor [AOR (95% CI) =−.070 (−.284, 0.143)], perceptions of 
healthcare quality, did not show significant associations with enrollment in the CBHI program. These findings 

Table 8 Sample Households’ Healthcare Care Choice

Household Enrolment Status

Not-Enrolled (N=215), 
N (%)

Enrolled (N=143), 
N (%)

Total (N=358), 
N (%)

Health Choice of the Household 
Modern-public

56 128 184

(26.05) (89.51) (51.40)

Modern-private 51 0.3 0.54

(23.72) (2.10) 0 (15.08)

Cultural-baptism (Tsebel) 75 6 81

Cultural herbs & others 7 0 7

(34.88) (0.00) (1.96)

No choice 26 6 32

(12.09) (4.20) (8.94)

Note: Own Survey Data (2023).
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Table 9 Logistic Regression Analysis for CBHI Family’s Enrollment in CBHI in the City of Gondar Peri-Urban community, Northwest Ethiopia

Variable AOR (Adjusted Odds Ratios) Std. Err. COR [95% C.I.] X

Sex* 0.1860597 0.1442 -0.096569 0.468689 0.136872

Age 0.0020539 0.0058 -0.009311 0.013419 46.1927

Family size of the household -0.0056752 0.03006 -0.064584 0.053233 5.42458

The proportion of family size between 14 to 64 years old. 0.0978372 0.34111 -0.570717 0.766392 0.513973

The proportion of families above 64 years old 0.7806609 0.61183 0.418508 1.97983 0.044496

Cultivated land size of the household 0.0883689 0.07925 -0.066963 0.243701 1.10282

Number of animals having a household in TLU 0.0201623 0.02354 -0.025975 0.0663 3.88911

Distance of the nearest health station from household home in a minute 0.1768816** 0.08274 0.014706 0.339057 0.547486

Do you participate in different local meetings? 1=yes * 0.1768816** 0.08274 0.014706 0.339057 0.547486

Does your household graduate in HEP and become certified? 1=yes * -0.113937 0.09539 -0.300892 0.073018 0.248603

Do your household participate and use different credit packages? 1=yes * -0.0511655 0.0866 -0.220899 0.118568 0.575419

Are you a member of the local Funeral Association (LFA)? 1=yes * 0.1288264 0.12375 -0.113711 0.371364 0.863128

Are you or any member of your household a member of ROSCA? 1=yes * -0.299047*** 0.0914 -0.478179 -0.119915 0.268156

Any member of the household having an official position in local government or cultural structure * 0.5742591*** 0.11176 0.355221 0.793297 0.131285

Frequency of visiting health facilities by the household for the last year* 0.2807832*** 0.05873 0.165667 0.395899 1.46648

Do you think that the local CBHI scheme management is trustworthy? 1=yes * 0.4041215*** 0.08714 0.233337 0.574906 0.519553

Household head education condition level * 0.1854168* 0.10465 -0.019702 0.390536 0.410615

The income level of households converted into natural legalism 0.0696579 0.08622 -0.099325 0.23864 10.3792

Health Choice of the Household Head 1= Modern Healthcare * -0.2170265 0.15981 -0.530257 0.096204 0.664804

Quality of HCS from public health facilities as the respondent perception; 1=neutral* -0.0301635 0.09719 -0.220649 0.160322 0.396648

Quality of HCS from public health facilities as the respondent perception; 1=poor* -0.0703974 0.10879 -0.283631 0.142836 0.354749 (*)

Notes: Own Survey Data (2023). (***p<0.01, **p<0.05, *p<0.1).
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provide insights into the specific determinants influencing households’ registration in the CBHI program in the City 
of Gondar Peri-Urban community, highlighting the importance of demographic, socioeconomic, institutional, and 
health beliefs in shaping enrollment decisions.

Interpretation of the Model Results
The logistic regression model demonstrated that households’ enrollment in the CBHI scheme was positively correlated with the 
proximity of the nearest health station to their home in minutes [AOR (95% CI) =0.177 (0.015, −0.399)], membership of the 
household head in local government or cultural structure [AOR (95% CI) =0.574 (0.355, 0.793)], experience of visiting health 
facilities [AOR (95% CI) =0.281 (0.166, 0.396)], and perception of the local CBHI scheme management as trustworthy [AOR 
(95% CI) =0.404 (0.233, 0.575)]. Conversely, membership in the “rotating saving and credit association” (ROSCA) [AOR (95% 
CI) =−.299 (−.478, −0.120)] was negatively associated with households’ enrollment in the CBHI scheme.

The study’s hypothesis received partial support. The logistic regression model did not support H1, which suggested 
that households’ enrollment in CBHI is positively linked to their perceived susceptibility to illness and the severity of 
health problems. H2, which proposed that households’ enrollment in CBHI is positively associated with perceived 
benefits (eg, improved access to healthcare services and financial protection) and negatively related to perceived barriers 
(eg, lack of information or affordability), was partially supported as the proximity of the nearest health station to the 
household home in minutes was positively associated with households’ enrollment. However, the income level of 
households converted into natural logarithm was not linked to households’ enrollment. H3, which posited that house-
holds’ enrollment in CBHI is positively connected to cues to action (eg, media campaigns or personal experiences with 
illness) and their self-efficacy in making informed decisions about enrolling in the scheme, was partially supported by the 
finding that visiting health facilities was positively associated with households’ enrollment.

Education Level of Household Head
Education enhances an individual’s capacity to analyze details from any given source. The model results reflected in 
Table 9 show that the academic standard of households holds statistical significance at a 10% significance amount and 
positively impacts the dependent variable. This deduction indicates that families with at least primary education are more 
inclined to sign up for the scheme than those uneducated. According to the model result, literate heads of households 
increase the odds of enrollment in the CBHI scheme by 18.54% compared to illiterate ones. This finding aligns with,41,42 

demonstrating that education contributes positively to health insurance enrollment and holds statistical significance. 
According to,42 the education level of the head of the household impacted the utilization of health services and overall 
mortality within households.

However, this discovery disagrees with the findings of,43 purporting that while the level of education contributes 
positively to household enrollment status, its statistical significance is dismissed.

Official Positions Held, Attending Local Meetings/Gathering/ and Membership and 
Access Different Networks, Saving and Credit Packages
Concerning the variables examined, it was discovered that households with a household leader or any member occupying 
an official government position, participating in community gatherings, or belonging to a community group called 
“ROSCA” were statistically significant at the 1%, 5%, and 1% levels of significance, accordingly. However, variables 
related to financial status or social connections did not impact enrollment. Having an official or community leadership 
role increased CBHI enrollment by approximately 57.43%. This is because these individuals had access to information 
about the scheme and could educate and sensitize the community about its benefits, a finding that is consistent with prior 
research. Participation in local gatherings increased the likelihood of household enrollment by 17.69%. However, 
membership in “ROSCA” had an adverse effect, decreasing the chance of registration by 29.9%. However, the study 
on willingness to enroll for CBHI in Simada District, Ethiopia, found that borrowing money for medical services was 
a significant factor associated with willingness to enroll in the health insurance scheme. Participants who had borrowed 
money for medical services were more likely to be willing to enroll in community-based health insurance compared to 
those who had not borrowed money.44
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Distance to the nearest health facility was also a significant factor in households’ decisions to enroll in the CBHI scheme, with 
an inverse relationship observed. As the distance from a household’s residence to the nearest health station increased, the 
likelihood of enrollment decreased by 1.28%. This indicates that proximity to health facilities motivates community members to 
enroll in the scheme. This finding is consistent with44 that the distance from health facilities significantly influenced the 
willingness to enroll in community-based health insurance. Participants who lived less than 5 kilometers from health facilities 
had a higher likelihood of being willing to enroll in the health insurance scheme compared to those who lived farther away.

The CBHI enrollment decision of households is negatively impacted by the distance to the nearest health facility, 
a significant variable at a 1% significance level. As anticipated, space is one of the factors that influence enrollment decisions. 
The model output reveals that for every increase in distance between a household’s residence and the closest health station, the 
likelihood of enrollment decreases by 1.28%. This suggests that the closer the health facility is to the community, the more 
motivated community members are to enroll in the scheme. This finding is consistent with44,45 research, which indicates that 
individuals living near a health facility play a significant role in CBHI enrollment. However, it contradicts the46 study, which 
found that households’ enrollment increases with increased travel time.

Frequency of Visiting Health Facilities
According to the findings of the survey (as presented in Table 9), it can be observed that out of the households that 
enrolled in the CBHI scheme, 39.94% were able to access modern medical posts in the past year, while 8.39% were not 
able to do so. Conversely, among the households that did not enroll in the scheme, 51.16% were unable to access modern 
medical posts in the past year. Additionally, the model output indicates that the frequency of visits to a health facility is 
a significant factor at a 1% significance level. Households that stay with health posts more frequently are more likely to 
enroll in the CBHI scheme than those that do not visit often. This variable is associated with a 28.08% increase in the 
probability of enrollment.

Trustworthiness of the Scheme Management
The community’s role in scheme management significantly impacts the household’s enrolment status in the CBHI 
scheme. The model output in Table 9 also signifies that the trustworthiness of local scheme management is statistically 
considerable at a 1% significance level, which has about a 40.41% increment in the probability of households’ enrolment 
decision in the study area. The result shows that if the community participates and is aware of the scheme management, 
they trust it and play a positive role in increasing enrolment status. This finding is compatible with,43,46 which aims to 
raise awareness and understanding of the social health insurance program, its benefits, and the enrollment process. This 
intervention aimed to address the lack of information as a potential barrier to enrollment.

Limitations
Limited Demographic Variation: The study primarily focused on households within a specific demographic, potentially 
limiting the generalizability of the findings to broader populations.
Scope of Variables: While the study examined various demographic, socioeconomic, and institutional factors, other 
relevant variables, such as cultural beliefs and perceptions, were omitted, which could have provided further insights into 
enrollment decisions.
Self-Reported Data: The reliance on self-reported data may introduce biases or inaccuracies, impacting the reliability of 
the results.
Cross-Sectional Design: The study’s cross-sectional nature limits the ability to establish causality between variables, 
warranting further longitudinal research to validate the findings.
Contextual Specificity: Findings may be influenced by the specific context of the study area, and caution should be 
exercised when extrapolating results to different settings or regions.

Conclusions
Demographic factors such as sex, age, and family size significantly influence rural households’ enrollment status in the 
CBHI scheme.
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Socioeconomic variables like education level, yearly income, land ownership extent, and livestock ownership are 
crucial in determining households’ enrollment status.

Institutional factors significantly impact households’ enrollment decisions, including distance to the nearest health 
facility, frequency of visiting health facilities, holding official positions, and participation in local meetings.

Variables related to health beliefs, such as the health choice of households and the trustworthiness of scheme 
management, also affect enrollment.

Education level, trustworthiness of scheme management, frequency of visiting health facilities, official positions held, 
and participation in local meetings positively influence rural household enrollment status.

Conversely, distance from the nearest health facility and membership in ROSCA negatively impact households’ 
CBHI enrollment position.

Awareness levels regarding the importance and utilization of health facilities could be better among enrolled and non- 
enrolled households, indicating a need for improved access and quality of medical facilities to encourage enrollment.

Local gatherings and trust in scheme management significantly increase enrollment rates, highlighting the importance 
of community involvement and confidence in program administration.

Overall, the study underscores the multifaceted factors influencing households’ enrollment in the CBHI scheme and 
emphasizes the need for targeted interventions to address barriers and promote enrollment in rural communities.

Recommendations
Prioritize Community Awareness: The government should focus on raising community awareness to increase enrollment 
in the CBHI scheme. This can be achieved through various activities such as organizing awareness campaigns, promoting 
community participation in meetings, and expanding access to education, especially adult education. Enhanced Education 
Initiatives: implement educational programs targeting households with lower levels of education to increase awareness 
and understanding of the CBHI scheme, thereby encouraging enrollment.
Empower Local Administrations: Local administrations should be empowered to lead and manage CBHI programs 
effectively, especially at the grassroots level. This includes providing necessary resources and training to local admin-
istrators to ensure the successful implementation of the scheme.
Strengthen Community Involvement: Community involvement in scheme management should be strengthened to build 
trust and increase enrollment rates. This can be done by encouraging the active participation of community members in 
decision-making processes related to the CBHI scheme. Community Engagement to Foster community engagement 
through local meetings and gatherings to disseminate information about the CBHI scheme, its benefits, and the 
enrollment process, thereby increasing trust and participation.
Improve Supply Side: Efforts should be made to improve the supply side of healthcare services to enhance enrollment 
and retention in the CBHI scheme. This includes ensuring adequate and standardized health facilities within reasonable 
distances to households. Improved Accessibility Ensure better accessibility to healthcare facilities by reducing the 
distance between households and the nearest health stations, positively impacting enrollment rates.
Scheme Management Trustworthiness mainly strengthens transparency and accountability in CBHI scheme management 
to enhance trust among potential enrollees, thus increasing enrollment rates.
Promotion of Official Positions: Encourage households to participate in official positions within local government or 
cultural structures, as this has been associated with higher enrollment rates, possibly due to increased awareness and 
advocacy within the community.
By implementing these recommendations, household enrollment in the CBHI scheme is expected to increase, leading to 
improved access to healthcare services and financial protection for communities in rural areas.
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The data is available from the corresponding author upon request.
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with clear information on the research topic, objectives, confidentiality of responses, and study benefits. Verbal consent was 
obtained from all participants before data collection, as the Ethiopian ethics guideline permitted non-sensitive topics with no risk 
to participants. Participants were informed of their right to withdraw from the study at any time, and only those who voluntarily 
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